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2D Lasso 3D rasterized space

pixel

« 3D » size = 0,5 unit











• « Point » (e.g., particles) dataset: each particle (vertice) stores 
its own state (color)
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MCC score (higher is better). Error bars are 95%CIs

F1 score (higher is better). Error bars are 95%CIs
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Completion Time in seconds. Error bars are 95%CIs



114

Total Workload. Error bars are 95% Bootstrap CIs
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Total fatigue evaluation. Error bars are 95% Bootstrap CIs
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An extended taxonomy that takes into account the control 

users have over the shape of the selection volume.

Tangible Brush: a versatile selection technique that gives 

users a lot of control over the shape of their selection.

A user study that showed that Tangible Brush can be very 

precise with a cost on completion time.
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